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Abstract
We test whether asking individuals to donate blood leads to a persistent change in
behavior, and examine the underlying mechanism. In a field experiment, we randomize a
phone call, asking blood donors to turn out, and follow them over up to 18 months. We
observe significant behavioral persistence for at least one year. We use naturally occurring
rainfall as a second instrument for donor turnout to test whether behavioral persistence is due
to habit formation (Stigler and Becker, 1977) or a persistent increase in motivation
independent of past donation. Our results strongly favor habit formation as the underlying
mechanism.
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Introduction

Continued engagement in prosocial behavior is essential for the formation of social capital (Putnam 1995). Examples include complying with laws, volunteering, donating to
charities, voting, and donating blood. Hence, there is an interest in studying policy interventions that can make such behaviors persistent. Several studies revealed how standard
tools, such as price incentives, can induce behavioral change beyond the period during
which incentives are used.1
More recently, behavioral interventions have become popular as policy tools (Obama
2015). Several examples showed them to be equally, if not more effective than standard
interventions (Benartzi et al. 2017). A particularly successful example is making a direct
ask to elicit prosocial behavior (Freeman 1997; Andreoni and Rao 2011; Andreoni, Rao
and Trachtman 2017; Milkman et al. 2011, 2012; Adena and Huck 2020). Other examples
include providing feedbacks (Byrne et al. 2019; Hussam et al. 2017) and making behavior
visible (Gerber, Green and Shachar 2003).
Yet, there is little evidence whether such interventions have persistent effects on behavior, and what the underlying behavioral mechanisms might be. On the one hand,
persistence may arise due to habit formation in the sense of Stigler and Becker (1977),
where engaging in a prosocial activity in the past increases the utility of engaging in the
same activity today. On the other hand, persistence may also arise if the intervention for
some reason increases the individuals’ motivation to engage in the prosocial activity over
several periods, irrespective of whether they have engaged in the activity in the past or
not.2
Discriminating between these two mechanisms is important since they have distinct
welfare implications (Aronsson and Löfgren 2008). Habit formation is welfare-neutral, as
1
For instance, Charness and Gneezy (2009) and Acland and Levy (2015) pay individuals to exercise
in the gym; Loewenstein, Price and Volpp (2016) provide children small financial incentives to eat fruits
or vegetables; Yang and Lim (2017) rebates subway tickets to shift commuters to off-peak times. Some
interventions, such as matching donations, have also been shown to lead to the opposite effect and
decrease subsequent donations (Meier 2007).
2
This may, for instance, be the result of invoking norms of conformism (Cialdini, Reno and Kallgren
1990; Cialdini and Goldstein 2004), or creating an internal motive for consistency (Cialdini, Trost and
Newsom 1995).
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individuals internalize that engaging in the prosocial activity will increase their marginal
utility in the future. In contrast, persistent changes in motivation alter welfare. For
example, a onetime intervention that generates social pressure to engage in a prosocial
activity may lower individuals’ utility in every period they do not engage in it.
In this paper, we study whether asking individuals to donate blood leads to a persistent change in that behavior, and whether this change results from habit formation or a
persistent increase in the donors’ motivation. Voluntary blood donations are a textbook
example of an important prosocial behavior in the real world. Donating blood entails
substantial personal costs in terms of time and discomfort, but benefits a large number
of anonymous recipients. Moreover, most developed countries rely exclusively on voluntary blood donations (World Health Organization 2011), making effective interventions
particularly relevant.
We present a theoretical framework that formalizes how habit formation and changes
in the donors’ motivation can lead to persistence in voluntary blood donations. In our
framework, the utility from a present donation depends on two components. The first
component represents habit formation. It features a habit formation parameter, γ, to
quantify the extent to which past donations increase the marginal utility from present
donations. The second component represents the donors’ motivation. It does not depend
on previous donations and initially corresponds to a baseline level. However, it may
react to policy interventions as well. The framework defines our empirical strategy to
discriminate between the two mechanisms.
We conduct a field experiment among voluntary blood donors at the Blood Transfusion
Service of the Red Cross in Zurich, Switzerland (BTSRC). All donors donated at least
once before the onset of the study. Every six months, they receive a letter inviting them
to an upcoming blood drive on a specific date. Moreover, they also receive a text message
on their mobile phone as a reminder one day before the blood drive they were invited
to takes place. We track the behavior of these donors over four invitation periods of six
months.
The field experiment focuses on a subset of 1400 inactive donors who did not show up
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at any blood drive they were invited to for at least one year before the onset of the study.3
We randomly assign each of these inactive donors to one of four experimental conditions.
The intervention is to ask donors via phone to commit to participating in the blood drive
two days from now. Donors in conditions C1 and C2 receive only one phone call and
are asked to donate in period 1 and 2, respectively. Donors in condition C12 receive two
phone calls and are asked to donate in, both, periods 1 and 2. Donors in the control
condition do not receive any phone call. The random variation in the intervention allows
us to isolate its effects on behavioral persistence from other causes of serial correlation in
donation rates, such as unobserved changes in the environment.
The reduced-form evidence indicates that the intervention has a persistent positive
effect on donation rates for at least one year. Our results show that asking donors to
make a donation at the upcoming blood drive increases their probability to donate by 18
to 26 percentage points, depending on the specification (p < 0.01 in all specifications).
The impact of the intervention persists over time: six months later, the probability to
donate blood is still 8 to 17 percentage points higher (p < 0.01); twelve months later, it
is 5 to 13 percentage points higher (p < 0.05). Thus, asking leads to an increase in the
donation rate that lasts for at least one year.
Next, we explore whether the mechanism behind the persistence in blood donations
is habit formation or an increase in the donors’ motivation. Note that the intervention
alone does not allow us to distinguish between the two mechanisms. More formally, if
several mechanisms were at work, the intervention would violate the exclusion restriction
and, thus, be invalid as an instrument for habit formation.
Testing the exclusion restriction requires a second instrument that only affects the
donors’ current probability to donate, but not their future motivation. To obtain such
a second instrument, we exploit a natural experiment relying on random fluctuations in
3

Inactive donors are of particular interest to the BTSRC for three reasons. First, focusing on inactive
donors mitigates the potential risk of crowding out intrinsic motivation of highly active donors (Bruhin
et al. 2015). Second, the maximum permitted frequency of donating blood every three-four month does
not constrain inactive donors. Third, inactive donors make up the majority of the potential donor pool,
accounting for 60% of all registered donors at any given time while more than 80% of donors are inactive
at least for some period.
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rainfall on the days of the different blood drives.4 We collect the data on rainfall from
the Swiss Federal Office of Meteorology and Climatology. We use an indicator of strong
rainfall on the days of the blood drives as the second instrument for future donations.
The indicator for strong rainfall has three key characteristics. First, it exogenously adds
a temporary extra cost to donating blood at affected blood drives, e.g. by increasing
the duration and discomfort of the commute. Second, rainfall today plausibly leaves the
motivation to donate blood six months later unaffected. Third, the indicator for strong
rainfall is orthogonal to the intervention, which is balanced within blood drives.
We identify the mechanism behind the persistence in blood donations by exploiting the
changes in the donation rate caused by random fluctuations in strong rainfall as a benchmark. That is, we carry out an overidentification test relying on the following intuition:
if the intervention of asking donors to make a donation at the upcoming blood drive
satisfies the exclusion restriction, then we should find similar estimates of persistence,
regardless of whether we include the indicator for a donor being asked, the indicator for
strong rainfall on the day of the blood drive, or both indicators among the instruments.
However, if the intervention had a positive (negative) direct effect on future motivation,
then the estimated persistence in blood donations would be larger (smaller) when we use
the indicator for a donor being asked as an instrument.
The overidentification test does not reject the null hypothesis that both indicators are
valid instruments (p = 0.8). That is, we obtain similar estimates regardless of which of
the instruments we use. Therefore, we conclude that asking donors leads to a persistent
increase in donation rates through habit formation. We also replicate the same analysis
in a larger sample that implements a slightly different intervention. The intervention
also asks donors to make a donation via a phone call. However, instead of being fully
randomized, the phone call is triggered by a temporary shortage in certain blood types.
Nevertheless, when we apply the overidentification test in this larger sample over an
entirely different sample period, we arrive at the same conclusion: the estimate for the
4

Rainfall has been used as exogenous shock in several contexts in the economics literature (e.g. Miguel,
Satyanath and Sergenti 2004; Maccini and Yang 2009; Brückner and Ciccone 2011). In a setting similar
to ours, Fujiwara, Meng and Vogl (2016) use daily rainfall on election days as a cost shock.
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persistence in blood donations remains similar, and using rainfall as a second instrument
shows no indication of failure of the exclusion restriction.
Having ruled out persistent changes in the donors’ motivation as a potential channel,
we impose the structure of our theoretical framework to estimate the habit formation
parameter γ. Our most conservative estimate of γ is 0.484 (p < 0.001). That is, asking
increases the donation rate not only by 18 percentage points in the present period, but
also in all future periods: by 0.484 · 0.18 = 9 percentage points six months later, by
0.4842 · 0.18 = 4 percentage points one year later, and so on.
Our study extends three strands of literature. First, it contributes to an emerging
strand of literature examining habit formation in various behaviors. Most of the evidence
on habit formation comes from daily activities such as food consumption (Naik and
Moore 1996; Fuhrer 2000; Carrasco, Labeaga and Lopez-Salido 2005), energy and water
consumption (Allcott and Rogers 2014; Byrne et al. 2019), and handwashing (Hussam
et al. 2017). More closely related to our setup are studies of persistence in voting. Gerber,
Green and Shachar (2003) observe in a field experiment that urging registered voters to
participate in the current election through direct mail or face-to-face canvassing increases
turnout in the next election. Fujiwara, Meng and Vogl (2016), however, point out that this
observed persistence in voting could be driven by a shift in voters’ motivation rather than
by habit formation. Similar to our study, they exploit random fluctuations in regional
rainfall patterns as the instrument for voting, and still find strong evidence of persistence.
Our study contributes to this literature by proposing an explicit test of whether an
intervention affects future behavior via a persistent change in the underlying motivation,
or through habit formation: it combines experimental variation at the individual level
with regional and temporal variation in rainfall to perform an overidentification test.
The mechanism of habit formation in our setup is also in line with consistency-based
compliance discussed in the psychology literature (Freedman and Fraser 1966; Cialdini,
Trost and Newsom 1995; Cialdini and Trost 1998; Cialdini and Goldstein 2004). This
literature suggests that individuals have a need to maintain a positive self-concept and act
consistently with their self-views and prior commitments in order to serve the ultimate
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motivation of maintaining or enhancing their self-esteem. This preference for consistency
would make a future blood donation more desirable for individuals who donated already
in the past. Interestingly, in contrast to the view in the psychological literature on habit
formation that habit formation requires frequent repetition of the behavior (Wood and
Neal 2007; Wood and Rünger 2016), we find evidence for habit formation in voluntary
blood donations after a one-time intervention – a behavior that can be repeated at most
every three months.
Second, our paper contributes to the strand of literature that analyzes persistent effects
of interventions on prosocial behavior.5 This literature has focused primarily on charitable
donations. Meer (2013) shows that there is persistence in donations to universities, using
their football team’s past success as an instrument. Landry et al. (2006) provide lottery
incentives to charity donors in a field experiment. They notice that the long-run effect of
such an incentive on donations depends on whether the lottery signals good quality of the
charity. In a related study, Landry et al. (2010) compare the effects of a door-to-door fund
raiser, a small gift, and a large gift on charitable donations. The study finds that donors
initially attracted by features that signal charitable quality are weakly more loyal in the
future than donors attracted by a simple ask for money. Meier (2007) investigates the
effects of matching charitable donations in a field experiment. He finds that donations
increase while being matched but drop below the baseline after the matching ends –
suggesting that such incentives can undermine the donors’ intrinsic motivation. Adena
and Huck (2019) find that while anticipating a future fundraising letter reduces the
current donation, the future donation is higher once donated in the current period, which
suggests that habit formation may play an role. Thus, studies of charitable donations
find little evidence of habit formation when using experimental variation.6
Few studies have examined persistence in other prosocial behaviors. Lacetera, Macis
5

Handwashing (Hussam et al. 2017) and voting (Gerber, Green and Shachar 2003; Fujiwara, Meng
and Vogl 2016) also have a prosocial component. However, they may be partially driven by selfish
motives to protect one’s own health, or promote one’s own political goals. Moreover, they are arguably
much less costly than donating blood.
6
While our review focused on field experiments, to our knowledge only one paper studies persistence
in the lab. Heger and Slonim (2020) report evidence from a lab experiment that contains two donation
tasks within an experimental session. They use a default manipulation to induce donations in the first
task and show that it increases donations in the second task, when there is no more default manipulation.
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and Slonim (2014) and Goette and Stutzer (2020) examine the persistence of monetary
incentives to donate blood. Even though incentives lead to higher donations, neither
study finds that the treatment effect persists once the incentives are removed. However,
as Adena and Huck (2019) suggest, it is possible that the null effect is due to crowdingout of intrinsic motivation and habit formation pulling in opposite directions. Our paper
contributes to this literature by using a behavioral intervention – making an ask – rather
than monetary incentives to encourage donations. It provides evidence of habit formation
in a costly prosocial behavior such as blood donations.
Finally, our study also contributes to the strand of literature on voluntary blood donations. Recent papers have mainly focused on the role of incentives (Goette and Stutzer
2020; Goette et al. 2009; Lacetera, Macis and Slonim 2012a, 2013) and social interactions
among blood donors (Bruhin et al. 2020). We show that, by exploiting the tendency to
form habits in relatively unmotivated donors, blood donation services could make their
interventions to manage donor turnout more effective.
The paper is organized as follows. Section 2 illustrates the theoretical framework incorporating the two mechanisms that could be behind the persistence in blood donations.
Section 3 describes the experimental setup and data. Section 4 presents the reduced
form evidence. Section 5 disentangles the two mechanisms and replicates our findings
in a larger sample exploiting a quasi-experiment with a similar intervention. Section 6
structurally estimates the habit formation parameter. Section 7 concludes the paper.

2

Mechanisms behind Behavioral Persistence

This section discusses the two potential mechanisms – habit formation and changes in
the donors’ future motivation – which may lead to behavioral persistence.

2.1

Theoretical Framework

In our theoretical framework, a donor’s contemporaneous utility of donating blood in
period t is a function of whether she donates in the current period, dt , two components,
St and B, and a random cost shock, c̃t :
7

ut = u(dt , St , B, c̃t ).

(2.1)

The first component, St , represents habit formation. The second component, B, represents the donor’s baseline motivation to donate, which does not depend on previous
donations but may, nevertheless, be influenced by policy interventions. The random cost
shock, c̃t , follows a distribution with cdf Fc . Time is discrete as in the model of habit
formation by Stigler and Becker (1977).
2.1.1

Habit Formation

The donor’s contemporaneous utility in period t can be expressed as

u(dt , St , B, c̃t ) =


 γSt + B − c̃t if dt = 1
0



,

(2.2)

if dt = 0

where St depends on the donation in the last period, St = dt−1 .7 The habit formation
parameter, γ, governs the extent to which previous donation increases the marginal utility
of present donation. The donor makes a donation in period t if
u(dt = 1) − u(dt = 0) = γSt + B − c̃t = γdt−1 + B − c̃t ≥ 0.

(2.3)

As c̃t is a random cost shock, the probability of donating in period t is given by
P r(dt = 1) = P r(c̃t ≤ γdt−1 + B) = Fc (γdt−1 + B).

(2.4)

Since the donors in our sample did not donate in the year before they entered our study,
d0 = 0 and, thus, S1 = 0 for all donors.
Figure 1 illustrates how a policy intervention in period t − 1, Pt−1 , may lead to behavioral persistence in blood donations through habit formation. First, the intervention
temporarily increases the donor’s motivation from the baseline level B to B 0 in period
t − 1, which leads to a donation in t − 1, dt−1 . Subsequently, the donation dt−1 increases
the probability to donate in the following period t, even when the donor’s motivation
7
St corresponds to the habit stock in the model of Stigler and Becker (1977) with the habit stock
fully depreciating after one period.
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falls back to the baseline level, B.8
Figure 1: Persistence through habit formation

2.1.2

dt−1

B0

dt

B

Pt−1

Changes in Motivation

Even in the absence of habit formation, a policy intervention can lead to behavioral persistence. In particular, a policy intervention may directly increase the donor’s motivation
over several periods.
Figure 2: Persistence through changes in future B
dt−1

B0

dt

B 00

Pt−1

Figure 2 demonstrates this mechanism. The policy intervention in period t − 1, Pt−1 ,
increases the donor’s motivation from the baseline level B to B 0 which leads to a donation
in t − 1, dt−1 . Since the change in the donor’s motivation persists over several periods,
the donor’s motivation B 00 is still at a higher level than B in the following period t, which
directly affects the probability to donate in t as well.

3

Experimental Setup and Data

This section discusses the experimental setup and the data. We first outline the relevant
procedures at the BTSRC, where our study took place. We then describe the field
experiment, which relies on an intervention asking donors via phone to donate at the
upcoming blood drive, and perform randomization checks. Finally, we discuss the natural
experiment, which relies on random fluctuations in rainfall.
8

Alternatively, the policy intervention could also temporarily lower the cost c̃t of donating.

9

3.1

Background

To ensure a stable supply of whole blood transfusions, the BTSRC follows a multi-stage
invitation procedure for its blood drives. Blood drives are regular events where donations
can be made. They take places twice per year and are sponsored by local organizations,
such as church chapters or sports clubs, while the BTSRC invites the donors and provides
equipment and personnel. For each blood drive, the BTSRC first sends an invitation
letter to all eligible donors, informing them about the event and highlighting the general
benefits of blood donations for society. One day before the blood drive, it also sends a
text message to all invited donors, reminding them about the time and the location of
the event.
Our study focuses on 1400 inactive donors who did not show up at any blood drive
they were invited to for at least one year before the onset of the study, and whose blood
types are O+, O-, or A-.9 Inactive donors are of particular interest to the BTSRC for
three reasons. First, focusing on inactive donors mitigates the potential risk of crowding
out intrinsic motivation. Second, the maximum permitted frequency of donating blood
at most every three months does not constrain inactive donors at the beginning of the
study. Third, inactive donors make up the majority of the pool, accounting for 60% of
all registered donors at any given time. Furthermore, more than 80% of the donors are
inactive at least for some period.

3.2

Field experiment

We now turn to the field experiment that allows us to analyze whether there is behavioral
persistence in blood donations.
3.2.1

Intervention

The randomized intervention is delivered by a phone call: the BTSRC calls donors two
days before the upcoming blood drive they have been invited to and asks them to make
a donation. Even though there is no explicit script, the phone call involves a strong ask
9

Other blood types are less useful to the BTSRC due to compatibility patterns. Thus, they were not
targeted by the intervention.
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with a question along the following lines: “Can I put you down as attending our blood
drive in two days?” At the end of the phone call, the staff records whether the donor
was reached and the extent of his or her commitment. Figure 3 illustrates the timing of
the intervention along with the standard invitation procedure.
Figure 3: Timing of the intervention (time before blood drive)

……

Treatment
conditions

Control
condition
Several weeks

×
Two days

One day

Blood drive

Notes: The intervention asks invited donors via a phone call to make a donation. It takes place two days
before the upcoming blood drive, between the invitation letter and the text message reminder.

3.2.2

Implementation

We implemented the field experiment between March 2015 and December 2016. During
this period, each local sponsor organized four blood drives, dividing our experiment into
four periods of six months. We randomized the intervention within blood drive strata and
defined four experimental conditions. Each condition comprises 350 of the 1400 inactive
donors.
Table 1 summarizes the schedule of the intervention across the four experimental
conditions. In the first condition, C1, donors receive a phone call only in period 1. In
the second condition, C2, donors receive a phone call only in period 2, i.e., six months
after the donors in condition C1. In the third condition, C12, donors receive a phone
call in both periods 1 and 2. In the control condition, donors do not receive any phone
calls. There are no further phone calls in periods 3 and 4, i.e., 12 and 18 months later.
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However, we keep observing donation outcomes in periods 3 and 4.
Table 1: Intervention across experimental conditions
Period 1
(t1 )

Period 2
(+6 months)

Period 3
(+12 months)

Period 4
(+18 months)

Number of
individuals

Condition C1

Call

No Call

No Call

No Call

350

Condition C2

No Call

Call

No Call

No Call

350

Condition C12

Call

Call

No Call

No Call

350

Control Condition

No Call

No Call

No Call

No Call

350

Note: All donors receive a postal invitation to the blood drive they are registered in each period. One
day before the blood drive, all donors receive an additional text message reminder (Standards invitation
procedure at BTSRC).

3.2.3

Randomization Checks

Table 2 presents the randomization checks of the intervention. Columns (1)-(4) show
the means and standard deviations of the donors’ age, gender, and blood types across
the four experimental conditions. Column (5) reports the p-values of the joint F-tests for
equality in means across the four conditions. As none of the F-tests indicates a significant
difference in means, we conclude that the randomization of the intervention succeeded.
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Table 2: Randomization checks

Age
Male
O+ blood type
O- blood type
A- blood type

Observations

(1)

(2)

(3)

(4)

(5)

Condition C1

Condition C2

Condition C12

Control Condition

F-test (p-val.)

41.140

40.226

42.051

41.126

0.36

(13.171)

(13.373)

(13.984)

(13.544)

0.506

0.483

0.511

0.546

(0.501)

(0.500)

(0.501)

(0.499)

0.826

0.817

0.820

0.829

(0.380)

(0.387)

(0.385)

(0.377)

0.054

0.083

0.057

0.046

(0.227)

(0.276)

(0.232)

(0.209)

0.120

0.100

0.123

0.126

(0.325)

(0.300)

(0.329)

(0.332)

350

350

350

350

0.42
0.98
0.19
0.71

1400

Notes: Means with standard deviations in parentheses.

3.3

Natural Experiment

Next, we turn to the natural experiment to discriminate whether the behavioral persistence in blood donations is due to habit formation or persistent changes in the donors’
motivation. The natural experiment relies on random fluctuations in daily rainfall which
will allow us to construct a second instrument to isolate the effect of habit formation.
3.3.1

Descriptive Statistics

We first describe the random fluctuations in daily rainfall in the greater Zurich region.
Figure 4 shows the measures of daily rainfall provided by the Swiss Federal Office of
Meteorology and Climatology. Panel A shows the distribution of daily rainfall between
2000 and 2018. Almost half of the days exhibit some rainfall. Light rainfall with less
10mm of daily precipitation is particularly common, while strong rainfall exceeding 10mm
of daily precipitation is rare. Panel B exhibits the distribution of daily rainfall on the
days of the blood drives in our field experiment. There are fewer days with rainfall
13

during the field experiment than between 2000 and 2018, however, the distribution is
indistinguishable from the one in Panel A (p-value of the Kolmogorov-Smirnov test =
0.113). Panel C shows the distribution of daily rainfall on the days where all other blood
drives took place that are not part of the field experiment. Again, the distribution is
indistinguishable from the one in Panel A (p-value of the Kolmogorov-Smirnov test =
0.816).
Figure 4: Distribution of daily rainfall in the greater Zurich region
Panel A: Daily measures from 2000-2018

Panel B: During the field experiment

Panel C: During other blood drives

Notes: Incidence and daily amounts in mm of rainfall in the greater Zurich region where all the blood
drives take place. Panel A shows daily measures between the years 2000 and 2018, while Panel B and
C focus on the days of the blood drives in the field experiment and the days of all other blood drives,
respectively.

3.3.2

Rainfall and Donation Rate

Figure 5 plots the effect of daily rainfall on the donation rate. Panel A focuses on blood
drives where the field experiment took place, while Panel B focuses on all other blood
14

drives. Two observations are noteworthy. First, daily rainfall has a negative effect on the
donation rate. Second, the effect is non-linear, as light rainfall has only little impact on
the donation rate, while strong rainfall leads to a substantial decline.
Since the effect of rainfall on the donation rate is non-linear, we construct an indicator
for strong rainfall which will serve us as the second instrument to isolate the effect of
habit formation. We define the threshold for strong rainfall in line with meteorological
conventions as the 90th percentile of the rainfall distribution, corresponding to a daily
amount of precipitation in excess of 10mm (see, for instance, Nelson et al. 2016).
Figure 5: Effect of daily rainfall on the donation rate
Panel B: Other blood drives

Panel A: Field experiment

slope = −0.003 [0.001]

slope = −0.002 [0.0005]

Notes: Donation rate of invited donors as a function of rainfall on the day of the blood drives. Panel A
shows the data of the blood drives in the field experiment while Panel B shows the data of all other blood
drives. Both graphs absorb sponsor and year fixed effects. Standard errors in brackets are clustered at
the individual- and blood-drive-level.

4

Behavioral Persistence

This section identifies behavioral persistence in blood donations using the randomized
intervention of asking donors via phone to donate at the upcoming blood drive. We
first show descriptive evidence. Subsequently, we introduce the econometric analysis and
discuss the results.
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4.1

Descriptive Evidence

Figure 6 exhibits descriptive evidence for behavioral persistence in blood donations. It
shows how donation rates in the different experimental conditions evolved over the four
periods of the field experiment. For now, we take an intention to treat (ITT) perspective
and disregard whether donors answered the phone calls or not.
Figure 6: Descriptive evidence for the persistent effects of the intervention

Notes: Donation rate as a function of the intervention over time. Red dashed frames indicate that the
members of the corresponding condition receive the intervention in that period. Scatters show the means
per condition, along with standard error bars.

Based on three observations we conclude that there is behavioral persistence in blood
donations. First, we look at how the donation rate in condition C1 evolves. In period
1, donors in condition C1 receive a phone call asking them to donate at the upcoming
blood drive. Their donation rate corresponds to roughly 23% in period 1, while their
counterparts in the control condition and in condition C2 who are not called exhibit a
donation rate of roughly 13%. Hence, asking for a donation directly increases the donation
rate by roughly 10 percentage points. In period 2, the donation rate in condition C1
declines to about 18% but remains well above the one in the control condition. In fact,
about half of the initial effect is still visible six months later – pointing towards behavioral
persistence in blood donations. Only in period 3, the donation rate in condition C1 falls
16

back to the level in the control condition.
Second, we look at the evolution of the donation rate in condition C2. In period 2,
donors in condition C2 receive a phone call. Their donation rate immediately jumps by
about 10 percentage points and, then, gradually declines over the following two periods.
Finally, we analyze how the donation rate in condition C12 evolves. Donors in condition C12 receive two phone calls, one in period 1 and one in period 2. Again, we find
evidence for behavioral persistence. The donation rate of donors in condition C12 is
about 10 percentage points above the one of their counterparts in the control condition
during the two periods where they get a phone call and, then, gradually declines over
the next two periods. Overall, the descriptive evidence indicates that there is behavioral
persistence in blood donations, as the effect of asking donors by phone to donate at the
upcoming blood drive lasts over several periods.

4.2

Econometric Analysis

We now turn to the econometric analysis which takes the panel structure of the data into
account and features additional control variables. As in the descriptive analysis, we start
by taking an ITT perspective. Subsequently, we focus on donors who answered the phone
call and estimate the local average treatment effect (LATE) of asking donors to donate
at the upcoming blood drive.
4.2.1

Setup

To obtain the ITT estimates, we estimate the following reduced-form specification:
Donationib,t = β1 Calli,t + β2 Calli,t−1 + β3 Calli,t−2 + β4 Calli,t−3 + φ0 Xi + δb + ib,t . (4.1)
The binary outcome, Donationib,t , indicates whether donor i makes a donation at the
upcoming blood drive b in the current period t. We include the indicator whether the
donor receives a phone call, Calli,t , in its contemporaneous form as well as with three
lags. The vector Xi controls for the donor’s individual characteristics gender, age, and
blood type, while δb represents blood-drive-specific fixed effects. We control for individual
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characteristics to increase the precision of our estimates (see Athey and Imbens 2017).
In an alternative specification, we replace the individual characteristics with individualspecific fixed effects.
Furthermore, to explore the role of multiple repeated phone calls, we estimate a version
of the specification that features interactions between different lags of the phone call:
Donationib,t =

3
X

βk+1 Calli,t−k +

k=0

2
X

αk+1 Calli,t−k × Calli,t−k−1 + δb + νib,t .

(4.2)

k=0

Finally, we estimate the LATE of asking donors to donate at the upcoming blood
drive. That is, we estimate the analogue of Equation (4.1) by two-stage-least-squares
(2SLS), using conducted phone calls as the instrument for answered phone calls. The
first-stage-equations have the following form:
Askib,t−l =

3
X

ιk+1 Calli,t−l−k + φ0 Xi + δb + ib,t−l ,

(4.3)

k=0

where Askib,t−l indicates whether donor i answered the phone call asking her to donate
at the upcoming blood drive b in period t − l. l ∈ {0, 1, 2, 3}, as we need to estimate
a separate first-stage-equation for the current period and each of the three lags. Based
on the first-stage-estimates, we can predict whether the donor answers the phone and
estimate the following second-stage-equation:
Donationib,t =

3
X

V

ωk+1 Askib,t−k + φ0 Xi + δb + ib,t ,

(4.4)

k=0
V

where Askib,t−k denotes the predicted values. In an alternative specification, we replace
the individual characteristics, Xi , with individual-specific fixed effects. Finally, we obtain
the LATE estimates for Equation (4.2) with interactions in an analogous manner.
Notice that whether we estimate the ITT or the LATE only changes the interpretation
of the effect of the intervention on the donation rate. It leaves the extent of behavioral
persistence in blood donations unchanged. This is because the extend of behavioral
persistence in blood donations depends on the ratio between the lagged and the current
intervention. Thus, defining the intervention as whether a phone call is attempted or
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whether a phone call is answered does not change this ratio.
4.2.2

Results

Table 3 reports the ITT estimates for the effects of the phone call on the donation rate.
Column (1) shows the estimated coefficients of the specification in Equation (4.1) with
individual characteristics and blood-drive-specific fixed effects. Column (2) shows the
coefficients of the alternative specification that replaces the individual characteristics with
individual-specific fixed effects. Column (3) displays the coefficients of the specification
in Equation (4.2) with interactions between the different lags of the phone call.
There is evidence for behavioral persistence in blood donations in all three specifications. The phone call not only directly increases the donation rate by 9 to 14 percentage
points, but also has significant lagged effects: a phone call one period or six months ago
increases the current donation rate by 4 to 9 percentage points, while a phone call two
periods or twelve months ago still leads to an increase by 3 to 6 percentage points. Only
after three periods, the lagged effects become insignificant. Thus, the estimated coefficients indicate that the effect of the phone call decays over time but – due to behavioral
persistence – lasts for at least one year.
Moreover, there is no evidence for interactions between different lags of the phone call.
The coefficients on the interactions in Column (3) are all insignificant both individually
and jointly (p=0.35). Thus, the effect of a phone call does not depend on the phone call
in the previous period.
Table 4 displays the analogous estimates for the LATE of asking donors to donate at
the upcoming blood drive.10 The estimates reveal that asking donors to make a donation
at the upcoming blood drive directly increases the donation rate in the current period
by 18 to 26 percentage points, depending on the specification. There are also substantial
lagged effects: Asking donors one period or six months ago increases the current donation
rate by 8 to 17 percentage points, while asking them two periods or twelve months ago
leads to an increase by 5 to 13 percentage points. In line with the estimates based on the
10

Table A.1 in the Appendix reports the first stages for asking, showing that only roughly half of the
phone calls (53% in Column (1)) are answered. Consequently, the LATE estimates are roughly twice the
magnitude of those based on the ITT perspective.
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ITT perspective, the lagged effects after eighteen months and the interactions between
the different lags are insignificant. Taken together, the econometric analysis confirms
that there is behavioral persistence in blood donations, causing the initial effect of an
intervention on the donation rate to linger for at least one year.
Table 3: ITT Results
Dependent variable:
Donationt
Callt
Callt−1
Callt−2
Callt−3

(1)

(2)

(3)

0.0925***

0.125***

0.139***

(0.0159)

(0.0230)

(0.0248)

0.0385***

0.0710***

0.0896***

(0.0139)

(0.0226)

(0.0277)

0.0275**

0.0600***

0.0634**

(0.0129)

(0.0213)

(0.0283)

0.00373

0.0402

0.0376

(0.0205)

(0.0313)

(0.0429)

Callt × Callt−1

-0.0571
(0.0368)

Callt−1 × Callt−2

-0.0184
(0.0374)

Callt−2 × Callt−3

0.00381
(0.0420)

Control mean

0.13

0.13

0.13

0.0182

0.00890

0.00466

Joint F-tests:
All lagged Calls=0
All interactions=0

0.349

Individual controls

Y

Blood drive FE

Y

Individual FE
Observations

5,600

Y

Y

Y

Y

5,600

5,600

Notes: In Column (1) the coefficients on the individual characteristics gender, age, and blood type are not shown. Standard errors
clustered at the individual and blood drive level in parentheses. ∗
p < 0.1, ∗∗ p < 0.05, ∗∗∗ p < 0.01.
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Table 4: LATE Results
Dependent variable:
Donationt
Askt
Askt−1
Askt−2
Askt−3

(1)

(2)

(3)

0.175***

0.246***

0.263***

(0.0295)

(0.0451)

(0.0489)

0.0767***

0.149***

0.171***

(0.0268)

(0.0447)

(0.0552)

0.0535**

0.126***

0.125**

(0.0244)

(0.0426)

(0.0565)

0.00861

0.0942

0.0843

(0.0361)

(0.0595)

(0.0805)

Askt × Askt−1

-0.126
(0.122)

Askt−1 × Askt−2

-0.0219
(0.122)

Askt−2 × Askt−3

0.0299
(0.134)

Control mean

0.13

0.13

0.13

0.0165

0.00576

0.00807

Joint F-tests:
All lagged Asks=0
All interactions=0
1st stage instruments

0.603
155.7

Individual controls

Y

Blood drive FE

Y

Individual FE
Observations

5,600

123.8

28.13

Y

Y

Y

Y

5,600

5,600

Notes: In Column (1) the coefficients on the individual characteristics gender, age, and blood type are not shown. Standard errors
clustered at the individual and blood drive level in parentheses. ∗
p < 0.1, ∗∗ p < 0.05, ∗∗∗ p < 0.01. The LATE coefficients are
obtained from 2SLS regressions using conducted phone calls as instruments for asking for donations.
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5

Mechanisms Behind Behavioral Persistence

In this section, we discriminate between the two potential mechanisms behind the behavioral persistence in blood donations: habit formation and persistent changes in the
donors’ future motivation. We first present the identification strategy and its implementation. Subsequently, we discuss the results. Finally, we replicate the results in a larger
quasi-experimental sample with a similar intervention. Since the discussion in this section
relates to the validity of our instruments, we take the ITT perspective.

5.1
5.1.1

Identification Strategy
Identification Challenge

It is impossible to discriminate between the two mechanisms by relying exclusively on
the intervention delivered by the phone call. The intervention may induce habit formation, but it may also persistently change the donors’ future motivation. More formally,
reconsider the probability to donate at the upcoming blood drive, as shown in Equation
(2.4) of our theoretical framework:
P r(dt = 1) = P r(c̃t ≤ γdt−1 + B) = Fc (γdt−1 + B) .
Suppose that we aim to identify the habit formation parameter γ by using the phone call
in period t − 1 as an instrument for the donation in that period, dt−1 . Any persistent
change the intervention may induce in the donors motivation B would be in the error
term and, thus, would cause a violation of the exclusion restriction.
5.1.2

Second Instrument and Overidentification Test

To detect such a potential violation of the exclusion restriction, we require a second
instrument for dt−1 which is both strong and valid. That is, the second instrument
needs to affect the donors’ probability to donate in a given period but leave their future
motivation unchanged. Moreover, it should be at most only partially correlated with the
phone call.
We use the indicator for strong rainfall as our second instrument, as it satisfies all
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aforementioned conditions. First, as we already showed in Section 3.3.2, strong rainfall
has a negative effect on the donation rate, as it causes a temporary shock in the costs of
donating c̃t . Second, it is a valid instrument, as such a temporary shock in the costs of
donating does not affect the donors’ motivation six months later in the future.11 Finally,
the indicator for strong rainfall is orthogonal to the phone call, as the phone call is
balanced within blood drives and, hence, daily weather conditions.
We rely on the second instrument to conduct an overidentification test – also referred
to as Sargan-Hansen J-test of Overidentifying Restrictions (Sargan 1958; Hansen 1982)
– and check whether the phone call satisfies the exclusion restriction. The test has the
following intuition. If both instruments, the phone call and the indicator for strong
rainfall, satisfy the exclusion restriction, the corresponding 2SLS-regression is valid and
the residuals of the second stage are exogenous. However, if the phone call violates the
exclusion restriction, e.g., it also affects the donors’ future motivation, then the 2SLSregression would be invalid and the residuals of the second stage would be correlated with
at least one of the two instruments.
The null hypothesis of the overidentification test is that all instruments are exogenous to these residuals (Stock and Watson 2015). It constructs the residuals using the
coefficients estimated from the second stage and regresses them on both instruments to
test whether the null of a joint zero effect can be rejected. If the null hypothesis is not
rejected, we conclude that the behavioral persistence in blood donations is exclusively
driven by habit formation, and that the intervention of asking donors to make a donation
at the upcoming blood drive has no direct effect on their future motivation.
To implement the overidentification test, we first estimate the following instrumental
11

This condition would be violated if donors learn from current rainfall to anticipate future rainfall
at the day of the next blood drive, which takes place 6 months in the future. While this is concern
seems unjustified given the Swiss climate with frequent rainfall year-round, we look at inter-temporal
correlations in rainfall events in Table B.1 in the Appendix. We link rainfall events for dates that are
six months apart during the time of our field experiment as well as for the years 2000-2018 and find no
significant correlations. Thus, we rule out this concern and conclude that the exclusion restriction holds
for the rainfall instrument.
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variables regression with 2SLS. The first stage has the following form:

Donationis,t−1 = γ1 Callis,t−1 + γ2 Rainfalls,t−1 + γ3 Callis,t + γ4 Rainfalls,t
+ γ5 Xi + δw + ξis,t−1 . (5.1)
The dependent variable, Donationis,t−1 , is the indicator whether donor i donated at the
blood drive of sponsor s in period t − 1. The independent variables comprise the two
instruments, i.e., the indicators for the phone call, Callis,t−1 , and for strong rainfall on the
day of the blood drive, Rainfallis,t−1 . We also include the future values of the instruments,
Callis,t and Rainfallis,t , since they will appear in the second stage. Moreover, we also
control for the donor’s individual characteristics, Xi , and fixed effects for the week of the
year, δw .
The second stage has the following form:
V

Donationis,t = µ1 Donationis,t−1 + µ2 Callis,t + µ3 Rainfalls,t + µ4 Xi + θw + ζis,t (5.2)
V

It regresses donations in period t on the predicted values Donationis,t−1 from the first
stage; the future values of the instruments, Callis,t and Rainfallis,t ; the individual characteristics; and the fixed effects for the week of the year.
tsls
After estimating the second stage, we regress its residuals, ζ̂is,t
, on the two instruments

and all other exogenous variables:12
tsls
ζ̂is,t
= λ1 Callis,t−1 + λ2 Rainfalls,t−1 + λ3 Callis,t + λ4 Rainfalls,t

+ λ5 Xi + λw + is,t . (5.3)
Under the null hypothesis that both instruments are exogenous the test statistic of the
joint F-test λ1 = λ2 = 0 is χ21 distributed.13
12

Residuals are based on coefficient estimates from the second stage, but the true regressors rather
than predicted values from the first stage (see Stock and Watson 2015).
13
The p-value of the overidentifying restrictions test reported in Table 5 relies on a cluster-robust
version (see Hayashi 2000, pp. 227f).

24

5.2

Results

Table 5 displays the results. Columns (1) and (2) exhibit the first- and second-stageestimates as well as the p-value of the overidentification test. In the first stage, both
excluded instruments are strong, and the joint Kleibergen/Paap F-statistic on both instruments is 35.5 – well above the conventional thresholds for strong instruments. In
the second stage, the estimated coefficient on the past donation is 0.4. Importantly, the
p-value of the overidentification test is 0.795. Thus, we do not reject the null hypothesis
that both instruments are valid.
The conclusion from the overidentification test can also be illustrated by varying the
instruments we use. In Columns (3) and (4), we show the second stage estimates when we
include only one instrument at a time in the first stage – the indicator for the phone call in
Column (3) and the indicator for strong rainfall in Column (4). If the phone call violated
the exclusion restriction, the second stage coefficient on the effect of lagged donations
in Column (3) would exhibit endogeneity bias and would differ from the coefficient in
Column (4) which is based on the indicator for strong rainfall. However, the coefficients
on the effect of lagged donations are remarkably similar in Columns (3) and (4). Thus,
we find no evidence for endogeneity bias and confirm the result of the overidentification
test that both instruments are valid.
Finally, we look at the test from yet another angle and perform the following additional
check. If both instruments satisfy the exclusion restriction and only affect the future
donation rate through an increase in contemporaneous donations, the instruments should
not correlate with future donations once we control for that channel. Columns (5)-(6)
show the results of the second stage when we include only one instrument at a time in
the first stage but include the other instrument as a control variable in the second stage.
In line with the result of the overidentification test, neither the indicator for the lagged
phone call nor the indicator for strong rainfall have a direct effect on current donations
once we control for predicted past donations.
Taken together, these results indicate that the phone call has no direct effect on the
donors’ future motivation and that the behavioral persistence in blood donations is due
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to habit formation.
Table 5: Habit formation vs persistent increases in the donors’ motivation
(1)
1st
Dependent variable:

(2)

(3)

stage

Donationt−1

(4)
2nd

(5)

(6)

stages

Donationt

Donationt

Donationt

Donationt

Donationt

0.409***

0.403***

0.482*

0.400***

0.508

(0.122)

(0.131)

(0.275)

(0.135)

(0.364)

V

Donationt−1
Callt−1
Rainfallt−1
Callt
Rainfallt

0.0944***

-0.0102

(0.0147)

(0.0393)

-0.0664***

-0.00714

(0.0168)

(0.0270)

-0.0252

0.0944***

0.0944***

0.0939***

0.0939***

0.0966***

(0.0163)

(0.0174)

(0.0174)

(0.0178)

(0.0175)

(0.0199)

0.0179

-0.0397

-0.0396

-0.0407

-0.0396

-0.0415

(0.0233)

(0.0289)

(0.0287)

(0.0302)

(0.0287)

(0.0308)

Both

Call

Rainfall

Call

Rainfall

43.64

19.99

41.13

15.64

4,200

4,200

4,200

4,200

Instrument in the 1st stage
Kleibergen/Paap F-statistic

35.50

Sargan-Hansen J-test (p-val.)
Observations

0.795
4,200

4,200

Notes: Regressions additionally include individual controls (gender, age, blood type) and week of the year fixed effects.
Standard errors clustered at the individual and blood drive level in parentheses. ∗ p < 0.1, ∗∗ p < 0.05, ∗∗∗ p < 0.01

5.3

Replication

As a robustness check, we conduct a replication study in a larger quasi-experimental
sample featuring a similar intervention. The quasi-experiment took place in the greater
Zurich region between 2012 and 2014.
The intervention is also delivered by a phone call. However, the phone call conveys a
shortage message and is randomized conditional on blood types. That is, depending on
the daily inventory in its blood stock, the BTSRC determines which blood types are in
short supply and calls a random subset of invited donors with the required blood types.
In the phone call, the BTSRC’s staff tells donors that their blood type is in short supply
and encourages them to donate at the upcoming blood drive. The message of the phone
call differs from the one in field experiment in the sense that it points out the temporary
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shortage in the donors’ blood types and does not ask them for a commitment. Moreover,
in this quasi-experiment, only 14% of the invited donors ever receive a phone call and
most of them get called only once.14
Even though the quasi-experiment has less power to identify habit formation, we find
qualitatively identical results and, again, do not reject the null hypothesis that both
instruments are valid (p=0.3). Appendix C presents the results in detail.

6

Structural Estimation of the Habit Formation Parameter

After having confirmed that the mechanism behind the behavioral persistence in blood
donations is habit formation, we now estimate the habit formation parameter structurally.
First, we use the theoretical framework from Section 2 to identify the contemporaneous
and lagged effects of the intervention of asking donors by phone to donate at the upcoming blood drive on their probability to donate. Subsequently, we impose the resulting
structure on our linear probability model to estimate the habit formation parameter γ
and discuss the results. To be in line with the theoretical framework, we present this
section in terms of the LATE.15

6.1

Theoretical Framework

We can use the structure of the theoretical framework in Section 2 to trace out the
contemporaneous and lagged effects of the intervention on the probability to donate.
Assume that asking donors to donate increases their motivation by η in the current period.
Because the intervention is randomized, all other factors influencing the motivation to
donate are the same. Moreover, all donors in our sample have not donated for at least
a year prior to the study. Thus, S1 = 0 in all experimental conditions. Consequently,
donors in the treatment conditions will donate with probability pTt = Fc (B + η), while
14

We make the sample as comparable as possible to our field experiment by focusing on inactive donors
who have not donated in the past year and have the same blood types O-, O+, and A-, as well as by
limiting the data set to sponsors with blood drives scheduled regularly every 6 months.
15
In Appendix D we alternatively take the ITT perspective to estimate the habit formation parameter.
The results are virtually identical.
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16
those in the control condition will donate with probability pC
The difference
t = Fc (B).

between the two is the treatment effect of the intervention,
∆pt = Fc (B + η) − Fc (B) .

(6.1)

In period t+1, the impact of the intervention in period t continues to affect the behavior of
donors in the treatment conditions through habit formation. Hence, their probability do
donate is pTt+1 = pTt Fc (B +γ)+(1−pTt )Fc (B) = Fc (B +η)F (B +γ)+(1−FC (B +η))Fc (B),
whereas the probability to donate of their counterparts in the control condition is pC
t+1 =
C
pC
t Fc (B + γ) + (1 − pt )Fc (B) = Fc (B)F (B + γ) + (1 − Fc (B))Fc (B + γ). Again, the

difference between the two corresponds to the treatment effect,
∆pt+1 = ∆pt (Fc (B + γ) − Fc (B)) .
Iterating forward, we see a geometric sequence emerging: in period t + 2, the impact of
the intervention from period t continues to affect the behavior of donors in the treatment
conditions through habit formation. Their probability to donate is pTt+2 = pTt+1 Fc (B +
γ)+(1−pTt+1 )Fc (B), while the probability to donate of the donors in the control condition
C
C
is pC
t+2 = pt+1 Fc (B + γ) + (1 − pt+1 )Fc (B). Thus, the treatment effect is

∆pt+2 = ∆pt+1 (Fc (B + γ) − Fc (B)) = ∆pt (Fc (B + γ) − Fc (B))2 .
Generally, the treatment effect in period t + k is
∆pt+k = ∆pt (F (B + γ) − F (B))k .

(6.2)

Thus, the intervention’s lagged treatment effects in Equation (6.2) follow a geometric
sequence proportional to the impact of the contemporaneous effect in Equation (6.1).
16

We abstract from other motivations for prosocial behavior, such as peer effects (Goette and Tripodi
forthcoming). Bruhin et al. (2020) find motivational spillovers between blood donors. However, we
formally show in Appendix E that such motivational spillovers do not affect the estimates of persistence
to a first approximation.
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6.2

Estimation

To estimate the habit formation parameter, we impose the above structure on our linear
probability model:
Donationib,t = β1 (Aski,t + γ1 Aski,t−1 + γ12 Aski,t−2 + γ13 Aski,t−3 ) + β20 Xi + δb + ib,t , (6.3)
where β1 = Fc (B + η) − Fc (B), and γ1 = Fc (B + γ) − Fc (B).17 If the costs, c̃t , follow a
uniform distribution, β1 and γ1 are structural parameters of our framework, normalized
by a constant. If the costs follow a general distribution, the same holds approximately
by the mean value theorem. However, note that departures from uniformity would imply
that the effect of the intervention in a given period depends on the intervention in the
previous period, for which we found no evidence in Table 3 (Column (3)). Thus, we
focus on the uniform case and ignore these higher-order terms in our estimation below.
Furthermore, we treat the control variables and fixed effects as outside the structure.
Since γ1 enters Equation (6.3) non-linearly, we search over a grid of γ in the range
of [0.1,0.9] in steps of 0.01. The optimal γ ∗ in terms of minimizing the residual sum of
squares feeds into the second step, where we estimate the same regression model for a grid
of γ in the range of [γ ∗ − 0.01,γ ∗ + 0.01] in steps of 0.001 to obtain a more precise estimate
γ ∗∗ . Due to this procedure, we need to bootstrap the standard errors, while maintaining
the clustering at the sponsor and individual level from the earlier specifications.
Compared to estimating the habit formation parameter in the IV model, this approach
is more efficient, because it exploits the implications of the structural model for higher
lags of the intervention.

6.3

Results

Figure 7 shows the residual sum of squares for different values of the habit formation
parameter γ. One specification corresponds to Equation (6.3) that controls for individual
characteristics and blood drive fixed effects. The other, alternative specification is more
general and replaces the individual characteristics with individual fixed effects. For both
17

As before, we can obtain the LATE using 2SLS.
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Figure 7: Grid search of the habit formation parameter

Notes: Relationship between γ and the residual sum of squares. Optimal γ ∗∗ is chosen to minimize the
residual sum of squares. Two-way individual and blood drive cluster robust standard standard errors
from 1,000 bootstrap replications in parentheses.

specifications, the residual sum of squares exhibits a unique minimum. Thus, γ is wellidentified in both specifications.
The estimates of the habit formation parameter, γ ∗∗ , are 0.484 (p < 0.01) and 0.692
(p < 0.01), respectively. Hence, we reject the null hypothesis of no habit formation.
Both estimates are also significantly smaller than 1 (p < 0.01 and p = 0.05, respectively),
allowing us to also reject a model in which habit formation leads to a permanent change
in behavior. Quantitatively, the estimates imply that donating at a blood drive today
increases the probability of donating at the consecutive blood drive of the same sponsor
six months later by 48 or 69 percentage points.
To put the effect of habit formation into perspective, we compare it to the direct
effect of the intervention. The estimates indicate that the effect of donating today on the
probability of donating at the consecutive blood drive is almost three times larger than
the direct effect of asking donors by phone to make a donation.
Due to this amplification of the direct effect of a policy intervention, habit formation
has a substantial economic impact. Consider our example of calling donors and asking
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them to donate at the upcoming blood drive. If we use the more conservative estimates
from Table 4 and γ, the direct effect of the successful phone calls on the donation rate is
18 percentage points. However, according to the geometric series in Equation (6.2), habit
formation leads to a multiplier that amplifies the direct effect by 1/(1 − γ). Thus, with
our estimate of γ equal 0.484 habit formation amplifies the effect of successful phone call
to a total of 34 percentage points – making the intervention almost twice as effective. In
other words, to get one additional donation, the BTSRC would have to reach 1/0.18 or
roughly six donors by phone without habit formation. However, with habit formation, it
only needs to reach three donors.
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7

Conclusion

In this paper, we discriminate between two potential mechanisms behind the behavioral
persistence in voluntary blood donations – habit formation and persistent changes in the
donor’s motivation. We combine a field experiment, asking a random subset of inactive
blood donors to donate, with a natural experiment, exploiting random fluctuations in
rainfall on the days of blood drives. This combination of two experiments allows us to
demonstrate that the behavioral persistence in voluntary blood donations is driven by
habit formation.
Identifying habit formation as the underlying mechanism is relevant not only for welfare analysis but also for the design of effective policy interventions in the future. Since
behavioral persistence is driven by habit formation, any policy intervention triggering
an initial engagement in the prosocial activity benefits from a multiplier, as individuals
form a habit and continue to engage in the prosocial activity even after the intervention ended. If policy makers aim to maximize the long-run impact of an intervention,
our results suggest that they should choose the intervention with the strongest immediate impact. In contrast, if behavioral persistence were driven by changes in motivation,
the long-term effect of a policy intervention would depend on its ability to persistently
change the individuals’ future motivation. In that case, policy makers would require
detailed understanding of how different interventions affect future motivation.
Our results are also in contrast to studies on charitable donations, which often find
evidence that asking for donations can lower future donations due to ask avoidance
(Damgaard and Gravert 2018; Adena and Huck 2020; Andreoni, Rao and Trachtman
2017; DellaVigna, List and Malmendier 2012). A possible explanation for the contrast
between our findings and these studies is that blood donors have more trust in the BTSRC
than charitable donors in charities. While charitable donations can easily be misappropriated for other purposes, blood donations have a clear purpose of use as they can only
be used for blood transfusion and medical research. Asking individuals for monetary donations may also activate overhead aversion (Gneezy, Keenan and Gneezy 2014), as the
infrastructure necessary to reach out to donors to solicit them may serve as an unwitting
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reminder of the organization’s overhead, to which part of the donation will necessarily
contribute to. In contrast, blood donors do not have this concern as they contribute exclusively to the final use of their transfusion and never to the coverage of overhead costs.
Last but not least, there may be unobserved substitution effects in charitable donations:
due to the plethora of charities, donors may substitute their donations at one charity with
donations at another, potentially unobserved charity. In contrast, blood donors only have
one option where they can donate their blood – the BTSRC. This underlines the importance of studying the prosocial behavior in the context of non-pecuniary donations.
Our results also raise questions for future research. We show that current donations
increase the probability of future donations consistent with the habit-forming mechanism
in Stigler and Becker (1977). However, it is not clear which aspect of the behavior is habit
forming: is it the narrowly-defined act of donating blood, or is it a potentially broader
warm glow from prosocial behavior that exhibits a complementarity between current and
future donation? While narrowly-defined habit formation with regard to one behavior
already has important policy implications for the specific prosocial behavior under study,
discovery of a broader “moral habit capital” could have more sweeping implications: one
charity’s work would impact the future willingness of its donors to engage in a wide array
of prosocial behaviors. Future research should thus study whether and how interventions
on one type of prosocial behavior spill over to other behaviors in subsequent periods.
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Appendix A

First stages of LATE estimations

40

41

0.530***
(0.0195)
-0.0121
(0.00984)
0.000453
(0.000417)
0.000505
(0.000633)

(3)
Askt−2

(4)
Askt−3

(5)
Askt

5,600

155.7
Y
Y

-0.00137
0.000457
0.000162 0.524***
(0.00760) (0.000409) (0.000225) (0.0211)
0.530***
-0.00136
0.000166
-0.0183
(0.0195)
(0.00760) (0.000227) (0.0171)
-0.0121
0.530***
-0.00166
-0.00574
(0.00984)
(0.0195)
(0.00763) (0.0169)
0.000506
-0.0246
0.570***
-0.0151
(0.000654)
(0.0196)
(0.0284)
(0.0211)

(2)
Askt−1

Specification (1)
(8)
Askt−3

(10)
Askt−1

(12)
Askt−3

Y
Y
5,600

0.000123
(0.000194)
3.53e-05
(0.000183)
-6.00e-05
(0.000198)
-7.07e-05
(0.000298)
0.312***
(0.0339)
9.85e-05
(0.0152)
0.000169
(0.0152)

(13)
Askt × Askt−1

Specification (3)

-0.0128
1.91e-05
(0.0151) (0.00605)
-0.0220
3.28e-05
(0.0172) (0.00435)
0.528*** 6.83e-05
(0.0236) (0.00272)
-0.0135
0.574***
(0.0183) (0.0280)
0.0147
-2.19e-05
(0.0229) (0.0118)
0.0293
-5.46e-05
(0.0327) (0.0116)
-0.0599
-0.00746
(0.0366) (0.0280)

(11)
Askt−2

Y
Y
5,600

0.546***
-0.0186
(0.0189)
(0.0161)
0.00757
0.529***
(0.0128)
(0.0221)
-0.00215
-0.0108
(0.0121)
(0.0137)
-0.0154
-0.0297
(0.0181)
(0.0218)
-0.0886**
0.0223
(0.0348)
(0.0295)
-0.0149
-0.0664**
(0.0309)
(0.0337)
0.000408
0.0146
(0.0314)
(0.0232)

(9)
Askt

28.13

-0.0142
-0.000608
(0.00879) (0.00141)
-0.0160
-0.000608
(0.0127) (0.00164)
0.515***
-0.00243
(0.0173)
(0.0110)
-0.0534** 0.569***
(0.0226)
(0.0253)

(7)
Askt−2

123.8

-0.0118
(0.0129)
0.519***
(0.0173)
-0.0225**
(0.0107)
-0.0200
(0.0156)

(6)
Askt−1

Specification (2)

7.78e-05
(0.000161)
0.000248
(0.000282)
0.000190
(0.000237)
0.000165
(0.000292)
-0.000165
(0.0152)
0.312***
(0.0339)
-0.000185
(0.0152)

(14)
Askt−1 × Askt−2

0.000117
(0.000153)
0.000201
(0.000216)
0.000418
(0.000353)
0.000543
(0.000533)
-0.000134
(0.0152)
-0.000335
(0.0152)
0.312***
(0.0339)

(15)
Askt−2 × Askt−3

Notes: First stages corresponding to Table 4. In Column (1-3) the coefficients on the individual characteristics gender, age, and blood type are not shown. Standard errors clustered at the individual and blood drive level
in parentheses. ∗ p < 0.1, ∗∗ p < 0.05, ∗∗∗ p < 0.01..

Joint F-tests:
1st stage instruments
Individual controls
Blood drive FE
Individual FE
Observations

Callt−2 × Callt−3

Callt−1 × Callt−2

Callt × Callt−1

Callt−3

Callt−2

Callt−1

Callt

Dependent variable

(1)
Askt

Table A.1: LATE First Stages

Appendix B

Correlation between Rainfall on Different Days
Table B.1: Corelation between Rainfall on
Different Days

Dependent variable:

(1)

(2)

Rainfallt

Rainfallt

-0.0317

0.00780

(0.0295)

(0.0125)

Rainfallt+180
Constant

0.0880*** 0.0985***
(0.0111)

Years

(0.00382)

2015-2016 2000-2018

Observations

730

6,760

Notes: Robust standard errors in parentheses.
p < 0.1, ∗∗ p < 0.05, ∗∗∗ p < 0.01

42

∗

Appendix C

Replication Study

Table C.1 shows the results, analogously to Table 5. In the first stage in Column (1),
both excluded instruments are strong with a joint F-statistic of 27. Compared to Table
5, the coefficients on the excluded instruments are within the confidence bounds. The
estimated second stage coefficient on the past donation in Column (2) is 0.26. The pvalue of the Sargan-Hansen J-test of overidentifying restrictions is 0.3, indicating that
the null hypothesis that both instruments are exogenous is not rejected.
Columns (3)-(4) show the second stage estimates when excluding only one instrument
at a time. Consistent with the insignificant overidentifying restrictions test the estimated
effect of past donation is within the confidence bounds in both columns and both instruments are individually strong. The coefficient on past donation is even somewhat smaller
when using the phone call compared to using rainfall as instrument - the opposite as
would be expected if the phone call had persistent effects on the motivation to donate.
Columns (5)-(6) exclude only one instrument at a time, while including the additional
instrument as control variable. As expected, neither the lagged phone call, nor the lagged
rainfall have a persistent direct effect on donations, once controlling for past donations.
Even tough the quasi-experimental data is not directly comparable to the field experiment and is considerably more noisy, qualitatively the results from this replication
exercise are reassuringly consistent.
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Table C.1: Habit formation vs lagged effects (replication study)

Dependent variable:

(1)

(2)

(3)

(4)

(5)

(6)

Donationt−1

Donationt

Donationt

Donationt

Donationt

Donationt

0.255*

0.221

0.529*

0.217

0.561*

(0.140)

(0.155)

(0.292)

(0.157)

(0.330)

V

Donationt−1
Phone callt−1
Rainfallt−1
Phone callt
Rainfallt

0.120***

-0.0414

(0.0178)

(0.0460)

-0.0980***

-0.0337

(0.0302)

(0.0312)

-0.0250

0.0602***

0.0588***

0.0715***

0.0586***

0.0672***

(0.0198)

(0.0205)

(0.0206)

(0.0247)

(0.0206)

(0.0234)

0.00779

-0.0669*

-0.0657*

-0.0767*

-0.0731**

-0.0758*

(0.0341)

(0.0341)

(0.0338)

(0.0394)

(0.0336)

(0.0400)

Both

Phone call

Rainfall

Phone call

Rainfall

27.14

46.29

11.41

45.56

10.54

9,609

9,609

9,609

9,609

Excluded instrument
Kleibergen/Paap F-statistic

27.14

Sargan-Hansen J-test (p-val.)
Observations

0.307
9,609

9,609

Notes: Regressions additionally include individual controls (gender, age, blood types) and week of the year and sponsor
fixed effects. Standard errors clustered at the individual and blood drive level in parentheses. ∗ p < 0.1, ∗∗ p < 0.05, ∗∗∗
p < 0.01
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Appendix D

ITT Habit Formation Parameter

Figure D.1 shows the ITT version of Figure 7 of the distribution of γ for the models
with blood drive fixed effects and additionally with individual fixed effects, in line with
columns (4)-(5) in Table 3. The plot also includes the residual sum of squares to show
that the parameters are well identified: in each of the specifications, there is a clear
minimum.
The resulting habit formation parameters are 0.470 (p < 0.01) and 0.655 (p < 0.01), respectively. The estimates are very similar as in Figure 7 and clearly reject the benchmark
of no habit formation. Both estimates are also significantly smaller than 1 (p < 0.01;
p = 0.04), thus rejecting a model in which habit formation leads to persistent changes in
behavior.
Figure D.1: Grid search of the habit formation parameter

Notes: Relationship between γ and the residual sum of squares. Optimal γ ∗∗ is chosen to minimize the
residual sum of squares. Two-way individual and blood drive cluster robust standard standard errors
from 1,000 bootstrap replications in parentheses.
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Appendix E

The habit formation model with peer
effects

In this appendix we show that our strategy for identifying the habit formation parameter
γ remains valid in the presence of peer effects among blood donors. We follow Bruhin
et al. (2020) and Goette and Tripodi (forthcoming) and add peer effects by augmenting
our model to include an additional motivation that is increasing in the propensity to
donate p of the other blood donors:

u(dt , St , B, c̃t ) =


 γSt + B + θp − c̃t if dt = 1


0

,

(E.1)

if dt = 0

The parameter θ measures the additional motivation to choose dt = 1 if all other blood
donors donated. All other notation remains the same as in Section 6.
Consider K periods: in period t = 1, none of the donors have donated in the previous
period. Hence, S1 = 0 for all donors. A fraction q of the blood donors is assigned to the
treatment condition and asked to donate, as in the baseline model. A fraction 1 − q is in
the control condition and not asked. In period t ≥ 2, no intervention happens. They are
used to identify habit formation.
Our aim is to show that the strategy to identify habit formation we use remains valid
in the presence of peer effects. The reason why this remains possible is that the peer
effects affect all donors, in the treatment condition and the control condition, alike and
are differenced out in treatment-control comparisons that identify the habit formation
parameter.
An individual in the treatment condition will donate if
uT1 = B + η + θ(qpT1 + (1 − q)pC
1 ) ≥ c̃t
An individual in the control condition will donate if
T
C
uC
1 = B + θ(qp1 + (1 − q)p1 ) ≥ c̃t

Peer effects complicate the calculation of optimal donation rates. They solve the system
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of equations

pT1 = Fc B + η + θ(qpT1 + (1 − q)pC
1)

T
C
pC
=
F
B
+
θ(qp
+
(1
−
q)p
)
c
1
1
1
Thus, the treatment effect from asking on donation outcomes in period 1 is given by


T
C
T
C
∆p1 ≡ pT1 − pC
(E.2)
1 = Fc B + η + θ(qp1 + (1 − q)p1 ) − Fc B + θ(qp1 + (1 − q)p1 )
As before, if Fc () is uniform (or approximately flat in the relevant region), then
∆p1 = η̃
where η̃ = ηf is the normalized effect from asking, and f is the density of Fc (). Thus,
with an approximately uniform distribution Fc (), peer effects difference out from the
treatment effect.
In period 2, optimal donation rates solve the system of equations


T
T
C
pT2 = pT1 Fc B + γ + θ(qpT2 + (1 − q)pC
2 ) + (1 − p1 )Fc B + θ(qp2 + (1 − q)p2 )


C
T
C
C
T
C
pC
2 = p1 Fc B + γ + θ(qp2 + (1 − q)p2 ) + (1 − p1 )Fc B + θ(qp2 + (1 − q)p2 )
Just like in the baseline model, we obtain the first step in the recursion



T
C
T
C
∆p2 ≡ pT2 − pC
=
∆p
F
B
+
γ
+
θ(qp
+
(1
−
q)p
)
−
F
B
+
γ
+
θ(qp
+
(1
−
q)p
)
c
c
1
2
2
2
2
2
If Fc () is approximately uniform, then
∆p2 = ∆p1 γ̃
where γ̃ = γf is the normalized habit formation coefficient. Thus, the same recursion
follows that the difference in donation rates between the treatment condition and control
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condition in period k is given by the power function
∆pk = ∆p1

k−1
Y



C
T
+
(1
−
q)p
)
)
−
F
B
+
γ
+
θ(qp
Fc B + γ + θ(qpTt + (1 − q)pC
c
t
t
t

t=1

(E.3)
Thus, with peer effects, the simple recursion that produces a power function in differences
of Fc () is only approximately true. These deviations, however, are second order. In the
case of an approximate uniform distribution, we again obtain
∆pk = ∆p1 γ̃ k−1 .
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